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Community Model Demonstration Experiment of Renewable Energy Best Mix
-Photovoltaic Power Generation Forecast (3)-

Keita Suzuki®, Yoshito Nishita, Yoshio Izui, Daisuke Natsuume, Hirokazu Tabata,
(Kanazawa Institute of Technology)

Since introduction of Feed in Tariff (FIT), the amount of introduction of the solar power generation system in
electric power consumer facilities such as homes and factories has been increasing in Japan. On the other hand,
with the sequential end of FIT, the electricity generated by the solar power generation system must be consumed
by the electricity consumers themselves. However, since the solar power generation volume is greatly affected by
weather conditions. Then, in order to efficiently control the power storage device with respect to the amount of
power supplied by solar power generation system, it is necessary to accurately predict the amount of solar power
generation. In this research, in order to accurately predict the amount of solar power generation considering the
influence of snow on the panel in areas with heavy snowfall such as snow on the panel, using meteorological data
as input data, we will carry out comparative evaluation in various machine learning methods including deep

learning.
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Table 1. Input data in the snow cover rate at the predict target time
Snow cover rate at the predicted time
Input data
8:00 am 9:00 am 10:00 am 11:00 am 12:00 am 1:00 pm 2:00 pm 3:00 pm 4:00 pm
7:00 am v v v v v v v v v
8:00 am v v v v v v v v v
9:00 am v v v v v v v v
10:00 am v v v v v v v
11:00 am v v v v v v
12:00 pm v v v v v
1:00 pm v v v v
2:00 pm v v v
3:00 pm v v
4:00 pm v
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