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Community Model Demonstration Experiment of Renewable Energy Best Mix
-Photovoltaic Power Generation Forecast (4)-
Yoshito Nishita®, Yoshio Izui, Daisuke Natsuume, Hirokazu Tabata, (Kanazawa Institute of Technology)

Since the introduction of the Feed-In-Tariff (FIT), the amount of photovoltaic power systems (PV) installed at
homes, factories, and other electricity consumer facilities has been increasing. On the other hand, with the gradual
termination of the FIT, electricity consumers will need to consume the electricity generated by themselves.
However, since the amount of electricity generated by PV is greatly affected by weather conditions, it is desirable
to use PV in combination with energy storage devices to efficiently utilize the amount of electricity generated, but
accurate prediction of the amount of electricity generated by PV is necessary to efficiently control the energy
storage devices. Furthermore, in snowfall regions where snow accumulates on the panels, it is necessary to predict
the amount of PV power taking the effect of snow accumulation into account. To improve the accuracy of PV power
prediction in snowy regions, the authors have studied a method for estimating the snow coverage on panels using
meteorological data. In this paper, we report on the results of a comparative evaluation to further improve the
accuracy of estimating the snow coverage on the panels.
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Fig. 1.  Configuration of PV power prediction

technology in this research.
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Fig. 2. Configuration of snow cover rate

prediction in this research.
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Table 1. Weather data provided by
OpenWeather.
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Table 2. Data pattern used to evaluate
predict accuracy.
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Table 3.  Snow rate prediction results.
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Fig. 6. Results of snow accumulation rate
prediction by time (1).
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Fig. 7.  Results of snow accumulation rate
prediction by time (2).
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